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Adversarial attack and defense methods to DNNs for Japanese Language
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[Jin20201] Jin et al., “Is BERT Really Robust? A Strong Baseline for Natural Language Attack on Text Classification and

opm= o Entailment,” AAAI 2020

;ﬁ?iﬁﬁ'ﬁ%uan [Ren2019] Ren et al,, “Generating Natural Language Adversarial Examples through Probability Weighted Word Saliency,” ACL
New Technology Pr ion Meetings! 2019
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[Wang2022] Wang, X., Yifeng, X. and He, K.: Detecting textual adversarial examples through randomized substitution and
vote, Uncertainty in Artificial Intelligence, PMLR, pp. 2056-2065 (2022).
[Mozes2021] Mozes, M., Stenetorp, P., Kleinberg, B. and Griffin, L.: Frequency-Guided Word Substitutions for Detecting

Textual Adversarial Examples, EACL, pp. 171-186 (2021).
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